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Research on Different Embedding Ways of Speaker

Characteristics in Personalized Speech Synthesis

WANG Tao!2 Y| Jiangyan!, FU Ruibo!2, WEN Zhengqi!, TAO Jianhua!23
(1. National Laboratory of Pattern Recognition, Institute of Automation, CAS, Beijing, 100190;

2. School of Artificial Intelligence, University of Chinese Academy of Science, 10090;
3. CAS Center for Excellence in Brain Science and Intelligence Technology, CASIA, 100190)

Abstract: Personalized speech synthesis is an important research field in speech synthesis. Currently, speech synthesis

technology is mainly based on end-to-end framework. This paper extracts the feature representation of specific speakers based on

end-to-end speech synthesis and speaker recognition technology, and studies the influence of different ways of speakers embedded

into end-to-end speech synthesis system on personalized speech synthesis effect. This paper compares three schemes for embedding

speaker features into end-to-end speech synthesis systems. The naturalness and similarity of speech synthesized by different

schemes, the variation of model parameters and the effect of prosody are analyzed.

Keywords: personalized speech synthesis; speaker recognition; end-to-end speech synthesis
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